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Supplementary Material: Informative and Consistent Correspondence Mining
for Cross-Domain Weakly Supervised Object Detection

1. Derivation of Approximated Objective

In the Eqn. (6) of our submission, we propose to use the
following factorizable posterior

Qe [wir, T / Plag|wSs, I)P(wS: |ar, I)dar,
)

to approximate the original posterior P (w%’ \W%R, I) when

computing its entropy. Detailed derivation is as follows.
First we note that for a specific region R, its annotation

ag is deterministic thus P (a|l) is a delta distribution in

that it takes 1 when aC: ar and 0 otherwise. Therefore,

+
P (a|w%+,ﬂ) = w is also a delta distribu-
P(wg |l
tion. Thus, the posterior (1) is only determined by its mode,
or Maximum-A-Posterior (MAP) solution of P <a|wR , )

Q (wi W&, 1) = P (arlwgy 1) P (wi I1)

s.t. ag = arg maXP (a|wC+ ]I)

2

Then, using the rule of conditional entropy computation,
H (W%_ |W%+,H) ~ Hg (W%_ |W%+,H)

— H, (aR|w$g,]1) + Hg (W% |]1) — Ho (agll), @

Since that H (W% \]I) and H (ag|l) are constants, they are

eliminated from the objective. The original objective Eqn.
(3) in our submission therefore writes as

maxA(S T Z Z ZH(aR|W'R ) )7
RERs C- 4)
s.t. ag =arg maxP (a|wCR ]I)

where Z 4 is a normalization constant. This equals to Eqn.
(6) of our submission.

2. More Visual Results

In Fig. 1 ~ Fig. 10, we show more results generated
by different approaches, including STABR [3], SWDA [4],
HTD [1], CSWSDA [2] and the proposed approach.
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